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I.	  Introduction
The Local Multidimensional Poverty Index Plus (LMPI+) is an innovative framework that enhances the 
global Multidimensional Poverty Index (MPI) by incorporating local context and community participation. 
While the global MPI provides a broad view of poverty across countries, it often lacks the granularity 
needed to capture regional disparities within countries. The LMPI+ addresses this gap by tailoring poverty 
measurements to local realities, ensuring that regional differences in deprivation are understood, reflected 
and guide policymaking. By leveraging participatory methods, the LMPI+ allows local communities to 
directly inform the poverty metrics, ensuring more context-specific insights that are crucial for targeted 
interventions. For this reason, we refer to the framework as LMPI Plus, emphasizing its added dimensions 
of local context and community participation. This approach aligns with the Sustainable Development 
Goals (SDGs) particularly with SDG 1 (No Poverty) and SDG 10 (Reduced Inequalities), while upholding 
the “Leave No One Behind” (LNOB) principle.

The development of an LMPI+ is particularly beneficial in contexts where: 

•	 National poverty measures fail to reflect local realities. 
•	 There is a need to understand the specific dimensions of poverty across diverse regions. 
•	 Local community engagement and empowerment are prioritized. 
•	 Policy interventions must be highly targeted and context specific.

The LMPI+ significantly informs policy development by generating a nuanced understanding of poverty’s 
multiple dimensions and local manifestations. By incorporating localized and participatory methods, 
the LMPI+ enhances traditional poverty metrics and directly informs targeted policy interventions. This 
understanding enables policymakers to create context-specific strategies that effectively address the 
unique needs of targeted communities, resulting in more effective poverty reduction interventions. 
Additionally, the LMPI+ strengthens local capacity and empowers communities by fostering stronger 
relationships among citizens, local stakeholders, governments, and development agencies. The LMPI+ 
achieves this through structured stakeholder engagement mechanisms and feedback loops, thereby 
enhancing the long-term impact of poverty alleviation efforts. 

To maximize these advantages and account for the range of normative and discretionary decisions 
inherent in any poverty measurement, this document serves as a methodological guide, outlining the 
different steps and key principles required to construct an LMPI+. Normative decisions involve the 
selection of poverty dimensions and indicators, while discretionary decisions relate to technical choices, 
such as the weighting of dimensions or thresholds for deprivation.

LMPI+ at a Glance

Multidimensional Localized Participatory
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II.	  Why an LMPI+? 
How we define poverty influences how we measure it.  

How we measure it defines how we fight it.

1	 World Bank, 2009.

Measuring poverty serves multiple crucial purposes: It ensures that poverty remains a priority on the 
agenda, as emphasized by Ravallion (1998), and enables targeted interventions, both domestically, 
regionally and globally, that address the needs of the impoverished. Additionally, poverty measurements, 
such as the LMPI+, serve as a critical tool for monitoring progress toward the SDGs, particularly  
SDG 1 (No Poverty), by providing disaggregated, localized data that informs tailored interventions. Poverty 
measurement also enables monitoring and evaluation of projects and policy interventions aimed at 
poverty alleviation, ensuring accountability and effectiveness.1

Poverty is now widely understood as a multidimensional phenomenon, with deprivations that interact 
and reinforce each other. The LMPI+ builds on this understanding, offering a tool that captures these 
dimensions at the local level to create actionable insights for poverty alleviation.

While the global MPI captures broad patterns of multidimensional poverty, it often overlooks the regional 
and localized nuances that are critical for understanding specific deprivations within communities. To 
address this gap, the LMPI+ introduces a more granular approach that tailors poverty measurement 
to local contexts, ensuring that interventions are more precise and relevant. The LMPI+ applies spatial 
disaggregation techniques that divide national data into subnational regions, such as districts or provinces, 
allowing for a more accurate identification of poverty patterns. This is supplemented with community-led 

Field visit introduction to the chief and citizens of Zingbor Town, Liberia
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data collection efforts to ensure that the analysis reflects local realities. In 2015, with its inclusion in the 
SDGs, the measurement of the multidimensional poverty index has become a fundamental metric to 
understand the situation of people living in poverty, as well as an instrument to demand that governments 
take action to eradicate it.

Indexes, or composite indicators, are valuable in policy analysis and public communication because 
they simplify multidimensional and complex phenomena into an easily interpretable format.2 Indexes are 
particularly effective for identifying trends, setting priorities, and benchmarking or monitoring performance 
as well as fostering discussion and creating public interest. By combining multiple dimensions of poverty 
into a single composite index, the LMPI+ simplifies complex data sets while preserving the key details 
required for targeted interventions. This approach enables policymakers to easily interpret trends across 
different poverty dimensions while maintaining the accuracy necessary for effective decision-making.

However, global or national multidimensional poverty indexes often lack the details needed to address 
poverty in specific contexts at subnational levels. Specification is especially important in diverse contexts 
such as Sub-Saharan Africa, where the disparity between urban and rural areas requires more localized 
measures. Consequently, this is done by incorporating qualitative and participatory approaches into the 
methodology of the LMPI+, ensuring that poverty reduction strategies are targeted and more effective, 
addressing the unique needs of different local contexts.

The LMPI+’s approach to conceptualizing a new framework for poverty measurement is transformative by 
bridging the gap between global and national indexes and local realities, ensuring that poverty reduction 
efforts are informed by comprehensive, accurate, and locally relevant data. This approach improves 
current poverty thinking and measurements and significantly enhances the potential for effective and 
sustainable outcomes in poverty eradication efforts.

The LMPI+ follows a phased process:

Phase 1: Stakeholder engagement and preliminary data collection, focusing on identifying relevant 
poverty dimensions.

Phase 2: Design of the LMPI+ framework, including selection of indicators, thresholds, and weighting.

Phase 3: Implementation, including data collection, analysis, and aggregation.

Phase 4: Dissemination of findings and policy engagement, ensuring that data informs programmatic 
planning for sustained poverty reduction efforts.

2	 OECD, 2015.
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III.	  Building an LMPI+
Building an LMPI+ requires meticulous planning, combining technical expertise in data collection, 
methodology design, and stakeholder engagement to ensure the LMPI+ framework is both comprehensive 
and adaptable. By following a structured and phased process, the LMPI+ offers localized insights into 
multidimensional poverty, ensuring that interventions are tailored, actionable, and effective.

3	 UNDP and OPHI, 2019.

Much like the MPI, building the LMPI+ “is both a technical and political process.”3 Below is a comprehensive 
summary outlining the technical steps and normative decisions crucial to developing the LMPI+. The 
process involves a blend of technical expertise in data collection, methodology design, and computation, 
alongside normative judgments that shape the dimensions chosen and the thresholds set for poverty 
measurement. Understanding how these phases interact is essential (see Figure 1). Each phase influences 
the next, from data collection and stakeholder engagement to the final computation and interpretation of 
results. The iterative process ensures that the LMPI+ not only accurately reflects multidimensional poverty 
but also serves as a robust tool for policy formulation and evaluation. 

Overview of the process to construct an LMPI+

Figure 1. Workflow of the LMPI+ process

OUTPUT 1 
LMPI+ Road Map

OUTPUT 2 &3  
Process Road-Map 

LMPI+ Design 

PHASE 1

• Technical consultations 
• Revision of existing 

data sources 

• Literature Review 
• Stakeholder buy-in 

(KIIs, FGDs) 

PHASE 2

• Household Survey 
• Secondary Data 

• Consultations 
• Co-creation 

instruments 

OUTPUT 4  
LMPI+ Results

PHASE 3PHASE 3

• Index computation 
• Robustness 

checks

• Design Validation  
• Results Validation 

PHASE 4

• Data for 
development 

• Targeting and 
monitoring  

• Multilevel 
Governance 

• Community 
Engagement  
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A. 	 Practical guidance – Technical steps

•	 Step 2.1. Designing the LMPI+

A. 	Choosing the unit of analysis
B. 	Selecting dimensions and indicators

•	 Step 2.2. Selecting data source(s)

A. Traditional quantitative data sources
B. Quantitative and participatory data

•	 Step 2.3. Data collection for index computing

A. Quantitative data collection
Option A. 	Census data
Option B. 	Existing survey data
Option C. 	Primary data collection implement 	

new surveys
B. Qualitative data collection

Phase 1. Preliminary stage

Phase 3. Implementation stage

Phase 2. Design Stage

•	 Step 1.1. Define the purpose 
of the LMPI+

•	 Step 1.2. Articulate the 
conceptual approach

A.	 Multidimensional
B. 	Participatory: Integrating 

bottom-up perspectives
C. 	Localized: The subjective 

experience of poverty

•	 Step 3.1. Choosing the decision threshold

A. Definition of weights
B. Poverty cut-off

•	 Step 3.2. Calculating the index
•	 Step 3.3. Robustness checks
•	 Step 3.4. Data disaggregation (intersectionalities)

•	 Step 4.1. Communicating the results
•	 Step 4.2. Policy engagement

Phase 4. Dissemination and policy engagement
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B. 	 Key political decisions in constructing an LMPI+

Phas e 1. Preliminary stage

Decision #1: Any LMPI+ is intrinsically multidimensional, adopting a holistic approach to measuring poverty. 
The process of selecting these dimensions (community co-creation, local stakeholder engagement, expert 
consultations, etc.) will be defined by the purpose of the LMPI+ and its implications for other principles.
Decision #2: Articulating the conceptual approach involves deciding when and how bottom-up 
perspectives should be integrated into the process of constructing the LMPI+. 
Decision #3: The choice between objective, subjective and mixed poverty approaches depends entirely 
on the goal of the poverty assessment. 
Decision #4: A critical aspect shaping the LMPI+ approach is determining when and how to engage with 
relevant stakeholders and identifying who these stakeholders should be.

Phase 2. Design stage

Decision #5: Selecting the unit of identification and the unit of analysis for the poverty measurement are 
key aspects.
Decision #6: A crucial outcome of the preceding decisions is determining who will select the dimensions 
and indicators, and how they will do so.
Decision #7: The decision to use existing data or conduct new data collection for computing the LMPI+ 
depends on the project’s goals and the available data. Leveraging existing sources can be more efficient if 
high-quality, up-to-date data is available. However, additional data collection may be necessary if specific 
dimensions are not covered.

Phase 3. Implementation stage

Decision #8: The chosen weighting system and the method for determining it (e.g., employing participatory 
methods to decide the weight of each dimension) depend on the main objective of the LMPI+.
Decision #9: The poverty cut-off can vary, and multiple criteria can be used and included in the analysis, 
providing different perspectives on poverty.
Decision #10: The number and types of robustness checks are decided by the LMPI+ technical team. 
However, conducting multiple tests is preferred to enhance robustness.

Phase 4. Dissemination and policy engagement

Decision #11: How, when, by whom, and what will be communicated? This decision is closely tied to 
Decision #1 (purpose) and Decision #4 (stakeholder engagement). 
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Phase 1. Preliminary stage

 Phase 1 Overview

The preliminary stage begins with establishing the purpose of the LMPI+, which includes defining the 
study area, selecting the appropriate poverty dimensions, and determining the data collection methods. 
Stakeholder engagement is critical at this stage to ensure participation, ownership, and alignment with 
local priorities, which will shape the LMPI+ design and implementation process.

Main Activities

1.	 Capacity building and initiative launch: Dedicated supervisory and multidisciplinary 
teams—comprising experts in poverty measurement, data collection, and community 
engagement—should be established to set the strategy, define the LMPI+ objectives, and 
outline key technical milestones. These teams will also be responsible for developing the 
LMPI+ framework, including the selection of dimensions, indicators, and data sources. As 
part of this step, seminars and capacity-building workshops could be organized to train the 
teams on the LMPI+ development process and technical aspects.

2.	 Stakeholder engagement: Identify and engage key stakeholders early in the process, 
including local government representatives, community leaders, civil society organizations, 
and development partners. Structured stakeholder consultations, such as town hall meetings 
and focus group discussions, should be used to gather input and ensure that the LMPI+ 
aligns with local priorities and community needs.

3.	 Preliminary data collection: Preliminary data collection is crucial for understanding 
local poverty dynamics and serves as the foundation for the LMPI+ design. This involves 
conducting Key Informant Interviews (KIIs), semi-structured focus group discussions, and 
town hall meetings to gather both qualitative and quantitative insights. These initial data 
help shape the LMPI+ framework by identifying locally relevant dimensions of poverty and 
informing subsequent phases of data collection and analysis.

Key Output(s) ⊲ Developing a roadmap: Develop a comprehensive roadmap for the LMPI+ process that 
outlines the participatory approach, key technical milestones, data collection timelines, and the roles of 
various stakeholders. This roadmap should serve as a guiding document for the implementation and 
ensure that all phases of the LMPI+ are well-coordinated and aligned with local priorities.
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Step 1.1. Define the purpose of the LMPI+

The purpose of the LMPI+ is to provide a comprehensive framework that captures the complexity and 
diversity of poverty at the local level, by integrating multidimensional, localized, and participatory 
principles. This framework measures multiple, simultaneous deprivations—such as in education, health, 
housing, and income—offering a more accurate and nuanced depiction of poverty than traditional income-
based metrics. The participatory component ensures that the index reflects the lived experiences and 
priorities of local communities, making it more relevant for policy and intervention design.

While the LMPI+ follows a consistent methodology rooted in the Alkire-Foster model, its specific 
objectives and context may vary, influencing how the index is built and applied. The selection of 
qualitative, quantitative, and participatory instruments should be tailored to the unique needs of each 
context, ensuring that the LMPI+ reflects the particular challenges, deprivations, and priorities of the target 
population. This flexibility allows the LMPI+ to be adapted to diverse local conditions while maintaining 
methodological rigor.

Liberia
LMPI+’s purpose

Liberia’s LMPI+ aimed to provide baselines and insights for both the Accelerated Community 
Development Programme (ACDP) communities and electoral districts. This initiative was the first time 
poverty information was collected at the electoral district level, including both qualitative and quantitative 
data. The idea behind the effort was to generate actionable data for public policy. The data enables 
policymakers to tailor their interventions more effectively and establishes a baseline for programmes, 
ensuring that resources are allocated where they are needed most and addresses the unique needs of 
each community.

The objective highlighted the need for innovative areas of study and necessitated data collection from 
scratch. To achieve this, a specific survey and qualitative instruments were designed to gather data 
participatively and co-create tools, impacting the design of the LMPI+.

﻿

Step 1.2. Articulate the LMPI+ conceptual approach 

A. Multidimensional 

Increasingly, poverty is understood as a multidimensional phenomenon in which multiple deprivations 
interact, influence and sometimes reinforce each other, making it difficult for individuals and communities 
to break out of the poverty cycle. Thus, an increasing number of countries around the world have 
developed and adopted national and/or local MPIs as official poverty measures which is a testament to 
its benefit and practical utility to development and public policy matters. As the LMPI+ framework builds 
on the multidimensional poverty approach, it ensures a more detailed understanding of poverty that 
captures local deprivations. The following steps outline how this is achieved through the LMPI+.

Every LMPI+ needs to be, by definition, multidimensional. However, the exact number and nature of its 
dimensions will be determined in the process of building the LMPI+, through stakeholder consultations, 
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literature reviews (both international and national), and/or through co-creation with local communities by 
incorporating subjective experiences of poverty.

Decisions regarding data availability, data collection, and co-creation processes will influence the structure 
of the multidimensional component. The possibility of including different thematic areas will be guided by 
consultations with stakeholders or local communities and constrained by potential data sources. 

Decision 1:

Any LMPI+ is intrinsically multidimensional, adopting a holistic approach to measuring 
poverty. How these dimensions are selected (community co-creation, local stakeholder 
engagement, expert consultations, etc.) will be defined by the purpose of the LMPI+ and 
its implications on the other principles.

The added value of building an LMPI+ is its ability to adapt dimensions/thematic categories to local 
contexts. The adaptation can be achieved through participatory consultations or expert inputs from local 
government officials, sectoral ministers, and technical experts in poverty measurement. This flexibility 
differentiates a local MPI from global or national ones and allows it to incorporate participatory methods 
and/or focus on locally relevant specificities. 

B. Participatory: Integrating bottom-up perspectives

A top-down approach centralizes decision-making, where governments and high-level stakeholders 
determine key dimensions and indicators for poverty assessment based on their contextual understanding. 
While this method allows for swift implementation, it risks selecting dimensions and indicators that do not 
fully reflect the realities of deprived communities, often lacking sufficient local engagement during the 
design phase. As a result, this approach may overlook specific deprivations and focus more on evaluating 
predefined solutions rather than addressing the nuanced needs of the impoverished.4

A bottom-up approach emphasizes community involvement and local ownership throughout the poverty 
assessment process, recognizing the unique perceptions and characteristics of each community. By 
tailoring the assessment to these local insights, this approach generates a more nuanced and contextually 
relevant understanding of poverty. While the bottom-up method may require additional time and effort to 
reach a consensus and mobilize community participation. Moreover, the inherent diversity of viewpoints 
within a community can pose challenges, potentially complicating the poverty assessment process.5

The selected dimensions and indicators should accurately reflect the reality of deprived communities 
and align with their needs and perspectives. To achieve this, community participation and ownership 
are paramount. However, to effectively utilize the bottom-up approach, there must be sufficient time 
and resources allocated for consensus-building and community mobilization6 To achieve this, community 
participation ensures that poverty metrics are grounded in lived experiences, resulting in more accurate 
data and long-term policy relevance.

4	 Kaiser, 2020.

5	 Kaiser, 2012.

6	 Sabatier, 1986.
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Decision 2:

Articulating the conceptual approach includes deciding when and how bottom-up 
perspectives should be integrated in the process of constructing the LMPI+.

A hybrid methodology that combines top-down and bottom-up elements can offer a balanced perspective, 
leveraging the efficiency of centralized decision-making while incorporating the local relevance 
gained from community participation. This approach is particularly useful when timely implementation 
is required, but local insights are crucial for designing contextually appropriate interventions aimed at  
alleviating poverty.7

7	 Meerkerk, 2019.

Liberia vs. Burkina Faso
Co-creation vs. validation

While participation is an essential component for creating an LMPI+, the way it is integrated into the 
process can vary. Most of the case study countries employed similar participatory instruments, such as 
focus group discussions and town hall meetings. However, these instruments were utilized in different 
ways and for varying objectives.

For instance, in the case of Liberia, participatory instruments were employed from the outset, aiming for 
the co-creation of the dimensions and categories of the index. This approach emphasizes a bottom-up 
perspective of poverty, utilizing community input to design the instruments later used for measurement.

Conversely, Burkina Faso commenced with consultations with experts and existing data, using 
community participatory instruments only to verify and validate preliminary results. Consequently, Burkina 
Faso also modified its dimensions and indicators based on the outcomes of the participatory activities.

Both approaches have their advantages and disadvantages in terms of time, cost, and focus, which can 
only be defined based on the specific primary objective of each LMPI+, depending on the country and 
the context.

C. Localized: The subjective experience of poverty

The localized aspect of the LMPI+ focuses on capturing the unique characteristics and dynamics of 
poverty at the community level, often reflecting the lowest administrative units. This approach aims to 
provide a more comprehensive understanding of poverty by integrating both objective and subjective 
assessments within local contexts. By grounding the index in the lived realities of communities, the LMPI+ 
can better inform policy interventions that address specific regional disparities and localized deprivations.

Objective poverty measures rely on poverty thresholds determined by experts based on specific criteria 
and measurable indicators. These thresholds, such as a national poverty line of $1.90 per day, categorize 
households as objectively poor based solely on income data, without necessarily considering individuals’ 
perceptions of their well-being. This approach enables policymakers to design standardized interventions 
for the population, focusing on quantifiable poverty indicators.
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Subjective poverty, in contrast, is based on individuals’ perceptions and feelings of deprivation. For 
example, in a region where most households have access to electricity, a family without it may perceive 
themselves as poor, even if their income places them above the official poverty line. These perceptions, 
though not captured by conventional metrics, provide valuable insights into how communities experience 
poverty differently and reveal dimensions of poverty that objective measures may overlook.

Although there are no internationally agreed-upon measures for subjective poverty, several country-led 
initiatives have explored this approach. For instance, the Poverty and Social Exclusion Survey in the 
United Kingdom and the Social Cohesion Survey in Poland capture subjective experiences of poverty. 
In the United States, different surveys incorporate subjective dimensions, and the OECD’s interactive 
tool, “Compare your Income,” prompts users to estimate the minimum household income they consider 
necessary to escape poverty.8 Additionally, anthropological methods have been employed to observe 
households over time and better understand living standards in small areas.9 

Decision 3:

The choice between objective and subjective poverty approaches depends entirely on 
the goal of the poverty assessment. 

Objective poverty measures are particularly effective for national poverty assessments and cross-country 
comparisons, where the focus is on accurately computing poverty statistics and indexes. Conversely, 
subjective poverty measures are valuable when the goal is to understand the root causes of poverty and 
gain deeper insights into how individuals perceive their circumstances. However, mechanisms must be in 
place to minimize self-report biases to ensure the reliability of the results.

While objective measures facilitate international cooperation and assistance by providing a standardized 
and quantifiable basis for comparing poverty levels across countries and regions, they often emphasize 
material aspects of poverty, potentially overlooking non-material dimensions such as social exclusion or 
lack of opportunities. Moreover, objective measures may not fully capture the dynamic nature of poverty 
or account for variations in the cost of living, leading to challenges in cross-context comparisons.

In contrast, the subjective approach presents challenges related to data aggregation and comparison due 
to the variation in individual and contextual perceptions. Furthermore, subjective poverty assessments can 
be influenced by factors such as mood, memory, and personal biases, which may affect the reliability of self-
reported information. Given the lack of a standardized methodology, subjective poverty measures are not 
currently considered a feasible option for national poverty measurement and cross-country comparisons.

8	 OECD, 2020.

9	 Himanshu et al., 2013.
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Workshop insights on localizing the MPI

1. Thresholds 

During the workshop with the pilot countries, Sierra Leone introduced a critical discussion: for a region 
generally not meeting global or national poverty thresholds, adjusting the threshold could provide a 
more insightful analysis. For example, in areas where no household has access to clean sources of 
energy (electricity), setting other thresholds to determine further deprivation could help identify the 
worst-off areas. This would enable the LMPI+ to capture the nuances of the region, allowing for the 
visualization and observation of differences in the intensity and characteristics of poverty within an 
overall impoverished area. Thus, alternative ways of localizing the MPI through thresholds are:

•	 Threshold adjustment: Consider adjusting poverty thresholds for regions that generally do 
not meet global or national benchmarks. This can provide a more nuanced understanding 
of poverty and reveal differences in intensity and characteristics within broadly poor areas.

•	 Multiple thresholds: Using multiple thresholds can reinforce the relevance of context-
specific dimensions and indicators, ensuring that the LMPI+ captures the unique aspects of 
each region.

2. Representativeness 

Ensuring representativeness in comparable and actionable subunits adds significant value to the LMPI+. 
Furthermore, aligning these subunits with relevant administrative units for budgets, policy-making, 
elections, and other functions substantially increases the practical applicability of the results in terms 
of public policy. It is essential to strike a balance between comparability and specificity, which is 
intrinsically linked to the LMPI+’s objective. This balance is necessary whether the aim is to compare 
communities within a region or to facilitate specific local tracking over time.

The Gambia and Sierra Leone focused on understanding a sub-region (the poorest area for the former 
and the borderlands for the latter) using specific indicators tailored to those regions. Conversely, 
Burkina Faso aimed to disaggregate the entire territory as finely as possible, while Liberia sought to 
focus on new units of analysis for practical purposes.

In summary, the four countries adopted different approaches to localize the MPI, each with distinct 
implications for its use and interpretation. Ultimately, the appropriateness of each method depends on 
the specific objectives of the LMPI+.

The following checklist (Box 1) provides ideas to consider at the beginning of each LMPI+ to ensure a 
comprehensive approach that includes all relevant actors. Establishing a stakeholder engagement plan 
enhances the buy-in of the LMPI+, increasing its relevance and actionable outcomes. 

Decision 4:

A critical aspect that shapes the LMPI+ approach is determining when and how to 
engage with relevant stakeholders—and who these stakeholders should be. 
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Box 1. Stakeholder engagement

Designing, building and implementing an MPI is a process involving multiple stakeholders that should be 
grounded in the governance system of a given country to achieve the expected outcomes and effective 
application of the LMPI+. One of the key prerequisites for the LMPI+ development and implementation is 
securing political support, buy-in and approval at the highest level of a country’s leadership. However, for the 
LMPI+ to be effective in poverty reduction, engagement of all relevant stakeholders is of critical importance. 

When designing and building a localized MPI, active inclusion, engagement and ownership of the process 
at the local level is important. Therefore, stakeholder analysis and mapping is a crucial part of the process to 
be initiated early on (the earlier the better during the preliminary phase of the process) to identify the various 
actors relevant for the LMPI+ development process. This analysis should map the stakeholders based on their 
influence and interest in the LMPI+ and identify their levels of participation. In addition to the involvement and 
active engagement of the national-level stakeholders, the participation of local actors (local chiefs, community 
leaders, municipalities, etc.) is essential. 

Active stakeholder engagement should be an ongoing objective, embedded in an iterative process. Planned 
activities should continuously re-engage stakeholders throughout the LMPI+ initiative. 

Key planned activities and considerations for an iterative stakeholder engagement process:  

Phase 1 (preliminary stage)

The preliminary planning stage should involve identifying the initial set of stakeholders, early consultations, 
refining the stakeholder analysis with an expanded group, developing a stakeholder engagement plan and 
setting up a corresponding and adapted institutional framework for the LMPI+ development process. 

1.	 Perform an initial stakeholder mapping and analysis to identify relevant stakeholders based 
on their interest, influence and potential participation in the process. It is critical to initiate this 
activity early on to be able to include and involve all the relevant stakeholders. The joint UNDP and 
government project team could begin by conducting the first round of stakeholder identification 
and engaging this preliminary group in further refinement of the stakeholder analysis and mapping. 

2.	 Initiate discussions and preliminary consultations with stakeholders to gather their expectations 
from the LMPI+ process and outcomes. These early consultations should also be used to identify 
additional relevant key stakeholders, especially local actors, communities and civil society 
representatives, as well as start building relationships and partnerships with them.  

Adult female focus group discussion with children in attendance, The Gambia
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3.	 Develop a stakeholder engagement strategy (SES) outlining how the various stakeholders will be 
reached, their role and anticipated level of engagement, including the various milestones in the 
roadmap. The SES should also outline and define principles and activities planned to make the 
process meaningful, locally relevant, gender and age-responsive and inclusive, effective and 
iterative. The strategy should include at minimum the following sections: 

i.	 Introduction to the SES and the project objectives
ii.	 Regulations and requirements
iii.	 Project stakeholders, including stakeholder analysis and mapping
iv.	 Stakeholder engagement strategy and plan: what the project entails, the engagement 

approach, the type of information to be disclosed and to be collected, the tools and methods 
to be used, how the iteration process will happen, any project and stakeholder risks and 
mitigation strategies, etc. 

v.	 Project timeline presenting the key project milestones and key stakeholder engagement 
activities

vi.	 Resources and responsibilities of the various stakeholders.

4.	 Set up an institutional framework to govern and manage the process, including:

i.	 A steering committee, whose objective is to act as political leadership and guide the process. 
ii.	 A technical committee, whose objective is to ensure the technical accuracy and quality in the 

project design and implementation, as well as timely execution. 

Phase 2 (design stage)

The design stage implements the SES by conducting formal consultations, returning to the stakeholders with 
regular updates on the LMPI+ process design and informing and consulting on crucial decision points.  

5.	 Organize formal consultations with stakeholders on the technical aspects of the process, including 
the definition of poverty, dimensions and indicators, etc. 

i.	 Ensure that sufficient time is allocated for this activity to gather all relevant voices and feedback 
on the technical aspects, as well as sufficient time to make the decisions for the field data 
collection and key aspects of locally-relevant poverty definitions. 

ii.	 Several rounds of iteration may be needed to arrive at a sound and locally relevant definitions 
of poverty and key dimensions to be used and applied in data collection instruments. 

6.	 Data collection with the relevant stakeholders. 

Phase 3 (implementation stage)

The implementation stage involves data analysis and calculation of the LMPI+. During this stage, the essential 
activities involve keeping all stakeholders informed about the progress and consultations on any critical 
considerations or decisions.  

7.	 Update stakeholders on the progress of the data analysis and technical LMPI+ calculations.

8.	 Present the LMPI+ results, including the methodology of quantitative and qualitative data analysis 
and integration, any key lessons learned and challenges.

9.	 Organize LMPI+ results validation workshops and seminars to validate the obtained results. 
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Phase 4 (dissemination and policy engagement stage) 

This phase aims to engage and mobilize a wider range of stakeholders and a larger audience to present the 
LMPI+ process and results, as well as engage in policy roundtables to identify specific policy and programmatic 
interventions.

10.	 Hold workshops on the LMPI+ process results to present key outcomes and results. 

11.	 Organize policy roundtables to identify the next steps forward in application of the LMPI+ results.

12.	 Develop policy briefs based on the LMPI+ results and disseminate with a wider audience as part of 
advocacy strategy to utilize and apply the LMPI+ for policy and programmatic purposes.

Table 1. Checklist of potential stakeholder categories 

NATIONAL LOCAL SECTORAL OTHER

The Presidency,  
Vice-Presidency – 
Strategic leader of  
the LMPI+ 

Local governance 
structures [2] (regional, 
municipal, city, village 
government leadership)

Ministry 
of Health, 
WASH, etc.

Academia and 
think-tanks

National Institutes  
of Statistics (NIS) [1] –  
Key implementor of  
the LMPI+

Direct representatives 
of local communities 
(community chiefs, 
religious leaders, referents)

Ministry of 
Education 

Civil society 
organizations 
working in the 
localities of interest

International technical 
and development 
partners

Leaders of local 
community-based 
organizations working with 
various community groups

Ministry of 
Gender 

National NGOs 

Authorities 
for Housing 
and 
Planning

Press and media 

Private sector

[1] The National Statistical Office (NSO) is the primary technical actor, typically the only institution 
with the mandate and capacity to lead and carry out the technical process of the LMPI+ calculation, 
implementation, and integration into the regular workflow and statistics production plan. 

[2] Inclusion of essential local perspectives and voices of whom the poverty reduction strategies are 
meant to benefit. Local knowledge and lived experiences enrich the assessment process, leading to a 
more accurate understanding of the context-specific dimensions of poverty and inequality.
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Community engagement in LMPI+ development
Sierra Leone and Liberia

The country team in Sierra Leone engaged with national and local stakeholders early in the preliminary 
phase through:

•	 Meetings with representatives from Statistics Sierra Leone (Stats SL), the Ministry of Planning 
and Economic Development (MoPED), the UNDP, and other relevant entities. 

•	 District-level town hall meetings with local authorities, community leaders, and groups 
ensured that the study was grounded in the realities and needs of the local populations, 
facilitating a participatory approach to defining poverty indicators and dimensions relevant 
to Sierra Leone.

During the implementation phase, the results validation process included triangulation to ensure 
the robustness of the LMPI+ findings, consisting of a close collaborative approach between the 
Lead Consultant’s team and Statistics Sierra Leone’s LMPI+ Coordination team as well as validation 
workshops with national and local stakeholders consulted in the initial phases of the process. In the 
final dissemination phase, the findings from the LMPI+ study were compiled into comprehensive reports 
that were disseminated to all stakeholders, including local and national policymakers, development 
partners, and the broader public.

•	 The efforts under Stats SL’s leadership, engaging UNDP and MoPED, showcased a 
community-driven approach to understanding poverty, reflecting the lived experiences of 
affected populations through selected dimensions and indicators.

Liberia employed a co-creation methodology that emphasized community engagement and the 
participatory nature of the LMPI+ process. 

During the preliminary stage, the initial community engagement sessions utilized KIIs and FGDs to foster 
an understanding of local poverty dynamics. This was complemented by seminars aimed at defining 
the LMPI+’s objectives and milestones. These seminars, along with capacity-building workshops for the 
involved multidisciplinary teams, supported the development of a clear and structured plan. This plan 
detailed the participatory approach and timeline for all project stages, ensuring that the process not 
only gathered data but also facilitated a co-creation process with the communities, integrating people’s 
lived experiences rather than relying solely on external expertise.

During the design stage: 

•	 The outcomes from the community dialogues in Phase 1 were compiled into a preliminary 
list of poverty dimensions. This list was subjected to an initial validation phase with relevant 
experts and stakeholders to refine the dimensions and translate qualitative information into 
actionable indicators for the household survey questionnaire.

•	 Survey instruments were co-created with the communities to ensure their relevance and 
accuracy, aligning the data collection tools closely with the specific nuances and needs of 
the local context.

During the implementation phase, the collected data underwent a thorough review and preliminary 
analysis, followed by community revisits to deepen engagement and ensure validation.
As a result of an effective local community and stakeholder engagement, Liberia’s LMPI+ encompasses 
four dimensions: health, education, living standards, and risk exposures, with each dimension assigned 
an equal weight of one-quarter. The fourth dimension, absent from the national MPI, emerged from 
consultations and focus groups to address specific concerns such as corruption, shocks, and climate 
change impacts.
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Phase 2. Design stage

10	 DeCarlo, 2018.

11	 UNECE, 2018.

 Phase 2 Overview

Once the purpose and the key objectives of the LMPI+ have been determined and agreed upon, the 
design phase focuses on the technical preparations for data collection and LMPI+ calculation:

Main activities

1.	 Design of the LMPI+: 

i.	 Select the unit(s) of identification and analysis: Decide on the granularity of data (e.g., 
households, individuals) and the specific area for the study.

ii.	  Select the dimensions and indicators.

2.	  Select the data source: 

i.	 Design data collection instruments: Develop tools such as surveys or data capture 
forms tailored to the selected indicators.

ii.	 Logistics planning (if applicable): Arrange the practical aspects of primary data 
collection, including timelines and resource allocation.

Key output(s)

⊲ LMPI+ design

⊲ Data collection: Implement both quantitative and qualitative data collection methods as needed.

Step 2.1. Designing the LMPI+ 

A. Choosing the unit of analysis

The unit of identification refers to the level at which deprivations are measured (e.g., individuals, 
households, or geographic areas), while the unit of analysis is the level at which results are reported and 
analyzed.10 In poverty assessment, the unit of identification captures the welfare of the subjects, whereas 
the unit of analysis provides insights into how the findings are applied to specific population groups or 
regions.

Selecting the individual as the unit of identification allows for detailed comparisons across characteristics 
such as gender, age, ethnicity, and intra-household inequalities in areas like nutrition, schooling, and 
employment.11 However, using individuals as the unit of identification requires comprehensive deprivation 
profiles for each person, which is often challenging due to data limitations.

Alternatively, the household can be used as the unit of identification, where information about all 
household members is combined to reflect household-level deprivations. This approach assumes that all 
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members share the same level of deprivation in each indicator and are identified as either poor or non-
poor collectively. Most national MPIs adopt this approach due to data limitations and the consideration of 
shared resources within households, which can influence individual deprivation experiences.12

12	 UNDP and OPHI, 2019.

CONCEPT DEFINITION EXAMPLES

Unit of Identification Level at which deprivations are measured Individual, household

Unit of Analysis Level at which results are reported and analyzed Community, region, country

Decision 5:

Select the unit of identification and the unit of analysis for the poverty measurement.

Several factors influence the decision on selecting the units of identification and analysis in poverty 
measurement:

•	 Data availability at different levels (individual, household, etc.).
•	 Granularity needed for the analysis to achieve the desired objectives.
•	 Comparability to enable meaningful comparisons within or across populations.
•	 Policy relevance for informing decisions and interventions aimed at poverty alleviation.
•	 Practicality in terms of data collection and analysis, considering costs, time, and resources.
•	 Ethical considerations such as respecting privacy and confidentiality when handling sensitive 

information.
•	 Contextual factors related to the characteristics of the population being studied, which may 

require a tailored approach.

The choice of these units influences the level of detail in the analysis and the types of insights that can 
be derived.

B. Selection of dimensions and indicators

The global MPI encompasses three fundamental dimensions—health, education, and living standards—
and ten core indicators, providing a comprehensive snapshot of multidimensional poverty at the global 
level. However, in a localized context, it might be necessary to expand this framework with additional 
dimensions and indicators that capture specific experiences and deprivations faced by local populations. 
These localized dimensions offer deeper insights into community-level poverty dynamics, enhancing the 
effectiveness of measurement efforts.
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Cross-country comparison
Dimensions and the SDGs

The pilot countries used the three main dimensions of the global MPI (education, health, and living 
standards) as a starting point and tailored them to their unique contexts by retaining some sub-indicators 
and introducing new ones. The multidimensional nature of the LMPI+ approach aligns with the SDGs 
through indicators that extend beyond those traditionally associated with the global MPIs. This alignment 
with the SDGs highlights how LMPI+ adaptations correspond with global goals while accommodating 
local priorities and conditions, thereby offering a nuanced understanding of multidimensional poverty 
across diverse contexts. 

SDG 3: Good health and wellbeing: All four countries include health as a critical dimension, 
with indicators like maternal and child mortality. The weight assigned to health varies, from 
10% to nearly 19% for Liberia.

SDG 2: Zero hunger: Food security is integrated in other dimensions, except in Sierra Leone, 
where it is a separate dimension with a weight of up to 18%. Burkina Faso does not include 
specific indicators for food security, while The Gambia and Liberia incorporate related 
indicators within health or other dimensions.

SDG 4: Quality education: Indicators on years of schooling and school attendance are 
consistently included across all countries, with Burkina Faso adding literacy. Education’s 
weight varies, e.g., Burkina Faso and The Gambia attribute 20%.

SDG 8: Decent work and economic growth: Indicators reflect economic aspects of poverty, 
including unemployment, vulnerable employment, and access to social security or credit. 
Countries tailor the inclusion and weight of these indicators to reflect local economic 
conditions.

SDGs 6, 7, and 11: Living standards: Includes indicators related to clean 
water, sanitation, energy, and housing. Clean water and sanitation typically 
account for about 5% to 10% of the index in Burkina Faso.

Decision 6:

A crucial outcome of the preceding decisions is determining who will select the 
dimensions and indicators and how they will do so. 

Integrating new dimensions and indicators into an MPI framework can enrich the understanding of  
poverty and inform more targeted interventions. However, this expansion also introduces complexities 
and resource constraints. Therefore, the selection and prioritization of new dimensions should consider 
the available capacity, expertise, and resources for data collection, analysis, and interpretation. 
The incorporation of new dimensions into the LMPI+ should strike a balance between achieving a 
comprehensive poverty assessment and maintaining the feasibility of implementing and sustaining the 
expanded framework.
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13	 Goulding, 2001.

Cross-country comparison
Indicators and data sources

The Gambia expanded its LMPI+ to include two additional dimensions—social protection and shocks & 
vulnerabilities—resulting in a total of five dimensions with nineteen indicators. Due to data limitations, 
some potential indicators such as nutrition and telecommunication were not included.

Sierra Leone and Liberia have expanded their LMPI+ to include technological indicators such 
as ICT and internet access (SDG 9). This adaptation highlights the LMPI+’s capacity to reflect 
both local contexts and contemporary trends. Measuring information and communication 
poverty—defined as the inability to take action due to a lack of necessary information and 
means to communicate—has become crucial for providing relevant policy insights.13 By 
designing their own surveys, these countries have been able to tailor questionnaires to 
capture this vital information.

Step 2.2. Selecting data source(s)

Selecting appropriate data sources and combinations depends on the specific objectives of the LMPI+, 
which should have been established in Phase 1. The LMPI+ framework is designed to be adaptable, 
allowing for various combinations of instruments that offer different trade-offs in terms of cost, time, 
depth, and specificity of analysis.

Decision 7:

The decision to use existing data or conduct new data collection for computing the 
LMPI+ depends on the project’s goals and the available data.

The selection of data sources depends on the availability, quality, and relevance of existing datasets, 
such as household surveys (e.g., DHS, MICS) and census data. If existing data lacks sufficient granularity 
or does not capture locally relevant dimensions of poverty, primary data collection may be necessary. 
Best practices include evaluating the timeliness, completeness, and representativeness of the data to 
ensure it meets the needs of the LMPI+ analysis.
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Box 2. Data quality

Strive for data completeness and consistency

Careful consideration should be given to data quality, including establishing a data quality assurance action 
plan to maintain comparability and reliability and proper handling of missing values to avoid bias.

Data quality assurance action plan

•	 Ensuring data quality assurance begins with the implementation of rigorous data validation rules. 
These include format checks to verify that data adhere to specified formats, data type checks to 
ensure compatibility with expected data types, and range checks to confirm that values fall within 
acceptable limits. Additionally, mechanisms for detecting missing values, duplication, and outliers 
must be established to identify and address anomalies that could compromise the dataset’s 
integrity.

•	 Quality control protocols are also essential to maintain high data standards. Implementing 
automated validation rules within data collection tools can proactively flag potential issues in real-
time. Continuous monitoring of the data collection process can enable early issue detection for 
timely interventions. Additionally, random audits on data samples can help verify the accuracy and 
reliability of the collected data. Finally, data cross-verification, where information from different 
sources or enumerators are compared, can further ensure consistency and validity.

Missing values and data incompleteness

•	 The LMPI+ quantitative computation requires data points to be available for all members of the 
selected households. Missing values for one household member generally result in dropping that 
household from the sample, which can compromise the representativeness of the data.

•	 The quantitative variables (proxies) used to assess each selected indicator must come from the 
same survey and be linked at the same level (individual, household, or community). Alternatively, 
data from different sources can be merged if they refer to the same respondents, or if certain 
variables are uniform across a population subgroup and can be supplemented from alternative 
surveys.

[#Tip] To minimize bias, it is recommended to select indicators (proxies) with the lowest 
possible proportion of missing values so data can be collected from the same source.
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A. Traditional quantitative data sources

Disaggregated poverty insights are essential for addressing development challenges and effectively 
implementing targeted interventions. Historically, poverty has been viewed in terms of consumption, 
income, or assets, leading to the collection of standard primary data through censuses, household 
surveys, and administrative data. Table 2 below outlines the advantages and disadvantages of these 
data sources.

14	 Ravallion, 1992.

Table 2. Comparison of traditional quantitative data sources for LMPI+ computation

DESCRIPTION ADVANTAGES DISADVANTAGES

Traditional data sources (quantitative data)

Census Census refers to the 
data collection method 
aiming to capture 
data from the entire 
population. 
It provides granular 
and well-disseminated 
information that can 
be used to assess 
poverty across various 
demographic groups. 

Census also has 
the potential for 
longitudinal analysis 
to track changes 
on individuals or 
households’ poverty 
status over time.
Unlike survey sampling 
methods, census data 
collection doesn’t 
involve sampling errors 
since it aims to cover 
the entire population.

Periodicity: The infrequency 
of census data collection in 
developing countries, often 
conducted once a decade or 
less, limits its timeliness.
Inflexibility: Census data 
are standardized and tied 
to a set of predefined 
variables. Therefore, the 
incorporation of new or 
emerging indicators and 
dimensions specific to local 
contexts might be limited, if 
not impossible.

Household 
surveys

Household surveys 
involve distributing 
questionnaires to a 
selected sample of 
households within a 
population.
They are considered 
the most important 
source of data to 
assess poverty in the 
sense that they provide 
specific and high-quality 
information about the 
distribution of living 
standards in a society.14

Household surveys are 
flexible and adaptable, 
allowing researchers 
to tailor questions 
to specific contexts 
and populations and 
to capture multiple 
aspects of poverty.
Through advanced 
sampling techniques, 
they can capture 
the diversity of 
socioeconomic 
backgrounds within a 
population.

Biases: Survey data may 
have sampling biases that 
could under-represent 
certain groups, particularly 
the homeless and those 
living in remote or 
inaccessible areas.
Sampling issues: Limitations 
in the sample frame can 
occur due to a lack of 
detailed preliminary data, 
leading to oversampling 
and/or undersampling. 
Additionally, response rates 
might be different from the 
expected values, affecting 
the reliability, and the 
representativeness of  
the findings.
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DESCRIPTION ADVANTAGES DISADVANTAGES

Traditional data sources (quantitative data)

Administrative 
data

Administrative data 
refers to data collected 
by government 
departments 
or agencies for 
administrative purposes.
Administrative data 
have the potential 
to provide insights 
into socioeconomic 
disparities and  
progress made over 
time in terms of poverty 
alleviation actions.

Administrative 
datasets, like census 
data, provide 
comprehensive 
coverage, typically 
encompassing the 
entire population of 
interest.
Administrative data 
provide continuous 
information on 
individuals, including 
those who may not 
respond to surveys.

Adequacy: The information 
collected in administrative 
records may not always align 
with the specific research 
objectives, limiting their 
utility for certain aspects of 
poverty assessment.
Data quality: Concerns 
regarding data quality, 
including accuracy and 
completeness, may also 
occur, compromising the 
reliability of findings derived 
from administrative data.

Sierra Leone and Burkina Faso
Uses of secondary quantitative data sources

Burkina Faso used data from the 5th Burkina Faso Population and Housing Census conducted in 2019 
to compute the LMPI+ at the municipal level and for all the municipalities in the country. The pilot study 
combined the census data with participatory and qualitative data collected in 2023 from three localities 
across Dapélogo and Boromo. This latter exercise informed the dimensions and indicators chosen for 
the LMPI+. The national coverage was a main advantage, but because the data collection had already 
occurred, some relevant indicators were not available. The Gambia used the 2020 Integrated Household 
Survey (IHS) to identify the poorest three districts to be included in the LMPI+, which all happened to be 
in the Kuntaur Local Government Area (LGA). Following that, the secondary data collection informed not 
the LMPI+ itself but the study area the LMPI+ focused on by highlighting regions identified as in need of 
further understanding in the most vulnerable areas in the country.

Quantitative methods are foundational for measuring poverty across populations. They employ structured 
tools such as surveys and questionnaires, which provide statistically analyzable data to identify common 
patterns and trends and to compare findings across different contexts and time periods. The selection 
of quantitative data sources for the LMPI+ should be based on the availability of national data sources 
and capacities while ensuring alignment with LMPI+ and policy objectives. The selection process should 
consider the following:

•	 Alignment between the dimensions and indicators in existing data sources and those required for 
the assessment.

•	 Representativeness of data sources at the targeted geographic level.
•	 Age of the data sources and the frequency of data collection.

Technological advancements have introduced new data sources, such as satellite imagery, call records, 
and internet connectivity indicators. These novel data sources can complement traditional data collection 
methods and enhance the analysis (see Box 3).
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 Box 3. Non-traditional data
Two primary sources stand out amidst a growing body of non-traditional data sources: Call Detail Records 
(CDRs) and geospatial data, including remote sensing data and satellite imagery.15 While other sources such 
as  internet connectivity indicators, social media data, and GSM data exist, CDRs and geospatial data are 
considered the most reliable because they provide valuable insights into poverty distribution, enabling effective 
poverty mapping (see Table 3).16

Table 3. Comparison of potential non-traditional quantitative data sources for LMPI+ computation 

15	 Castelán et al., 2019.

16	 Algama and Chandana, 2023.

DESCRIPTION ADVANTAGES DISADVANTAGES

NON-TRADITIONAL DATA SOURCES

Call Detail 
Records 
(CDRs)

CDRs collect information 
on individual calls or 
text messages, including 
time, duration, location 
and parties involved.
They offer a cost-
effective means of 
collecting information on 
basic economic quantities 
like wealth and income 
with high precision and 
in real time.

CDRs are valuable sources of data 
due to their low cost, efficiency, 
and potential for providing precise 
insights into economic activities.
CDRs enable researchers to 
examine patterns in communication, 
mobility, and consumption, offering 
valuable insights on poverty levels, 
especially in areas where traditional 
survey data is scarce.

Lack of depth in 
socioeconomic 
information 
compared to 
traditional surveys.
Privacy concerns 
regarding sharing 
personal records. 
Challenges in 
accessing and 
processing 
large volumes of 
unstructured data.
Potential data 
breach and 
ethical concerns 
regarding privacy 
and data sourcing, 
respectively. 

Geospatial 
data

Geospatial data is 
information related to 
locations on the Earth’s 
surface obtained through 
satellite imagery and 
earth observations.
Geospatial data can 
be used to analyze 
factors such as land 
use, vegetation, and 
infrastructure, providing 
insights on physical 
living conditions and 
access to resources.

The data can reveal patterns of 
economic activity, urbanization, 
and disparities between regions 
and can capture environmental 
characteristics and housing 
material types, adding to 
socioeconomic indexes to identify 
poverty at granular levels. They can 
be used to estimate poverty levels in 
areas where traditional survey data 
may be lacking. They facilitate rapid 
deployment during emergencies 
and continuous monitoring of spatial 
and temporal poverty disparities.
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The integration of CDRs and geospatial data is a cost-effective way of covering large geographic areas with 
high granularity, particularly in remote areas. These data sources also offer nearly real-time insights into poverty 
dynamics, enabling rapid assessment of changes in poverty levels. When integrated with advanced statistical 
techniques and traditional data, the data can enhance the accuracy of poverty assessments, providing precise 
information for targeted interventions and decisions.17

Analysis of mobile phone data derived from CDRs enables researchers to examine patterns in communication, 
mobility, and consumption. For instance, historical patterns of phone use captured in CDRs can reflect an 
individual’s social network, travel behavior, and expenditure history, serving as proxies for their economic 
status, especially in areas where traditional survey data is scarce.18

In countries like Colombia, the combination of satellite imagery with big data techniques allows for an 
estimation of poverty at a highly disaggregated level, providing insights into variables that are not captured by 
traditional data. By combining Earth observations with big data, validated by survey data, Colombia’s National 
Administrative Department of Statistics (DANE) was able to produce regular and detailed poverty measures for 
municipalities and their sub-areas, offering a comprehensive view of poverty that aids policy makers in crafting 
effective poverty reduction strategies.19

17	 Ziuli et al., 2022.

18	 Blumenstock, 2015.

19	 Alyson Marks, Olga Cowings and Fredy Rodriguez, 2020.

B. Qualitative and participatory data 

Qualitative methods delve deeper into individual and community experiences of poverty. These 
approaches rely on interviews, observations, and group discussions to gather rich, contextual data that 
illuminate the processes and social dynamics underpinning poverty. They uncover the narratives and 
personal stories that describe how poverty is experienced and reproduced within communities. This 
approach is invaluable for identifying local drivers of poverty and understanding how poverty is perceived 
and manifested across different cultural and social settings.

Qualitative data obtained in FGDs, KIIs, through life-stories and other instruments, can be used to 
measure subjective poverty. Pradhan and Ravallion (2000) demonstrated that qualitative data could help 
establish poverty lines by considering the circumstances of individuals and communities, such as levels 
of development, social norms, and values, which can influence perceptions of well-being. Additionally, 
qualitative data is well-suited for assessing the extent of non-monetary deprivations, their root causes 
and for capturing preferences regarding poverty alleviation programmes and policies.

Participatory methods not only empower participants but also enhance the relevance and accuracy 
of the data collected. Community mapping, participatory workshops, and similar methods foster a 
collaborative environment where local perceptions and knowledge directly influence the development 
of poverty measurement tools. These methods require active engagement from the community or study 
subjects, not just as sources of data but as co-researchers or co-analysts.

Integrating findings from qualitative data allows for cross-validation and triangulation, which enhance the 
reliability and validity of the results. Table 4 summarizes some of the main advantages and disadvantages 
of qualitative data sources.
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Table 4. Comparison of qualitative data sources for LMPI+ computation 

DESCRIPTION ADVANTAGES DISADVANTAGES

QUALITATIVE DATA

Qualitative 
data

Qualitative data 
consist of non-
numerical information 
and concepts, often 
collected through 
interviews, focus 
group discussions, 
and observations, 
rather than numerical 
measurements.

In poverty 
measurement, 
qualitative data can 
provide context-
specific insights that 
quantitative data 
alone may overlook.

Qualitative data is essential 
to understand the lived 
experiences and perceptions 
of affected individuals and 
communities.

Qualitative data can help 
uncover the root causes of 
poverty and identify drivers for 
poverty alleviation.

Qualitative data can inform the 
design and implementation of 
effective poverty alleviation 
programmes by identifying 
the needs, preferences, 
and priorities of vulnerable 
populations.

Subjectivity: Qualitative 
methods are inherently 
subjective, relying 
on the perceptions 
and interpretations 
of researchers and 
participants.

Non-generalizable: 
Qualitative insights 
cannot be generalized 
to the entire population.

Time consuming: 
Qualitative data often 
requires extensive time 
and resources for data 
collection, analysis, and 
interpretation.

PARTICIPATORY DATA

Participatory 
data	

Participatory data 
collection involves 
actively engaging 
participants in the 
research process, 
allowing them 
to contribute 
their knowledge, 
experiences, and 
perspectives.

Strengthen community 
ownership and empowerment.

Can provide rich, context-
specific insights that 
quantitative data may miss.

Enhance the relevance and 
effectiveness of interventions 
by incorporating local 
knowledge and perspectives.

Requires time and 
resources to establish 
trust and ensure 
meaningful participation. 

May be influenced 
by power dynamics 
within the community, 
affecting the validity and 
reliability of the data.

Combining methods in the LMPI+ development process ensures a more nuanced understanding of 
poverty. This mixed-methods approach allows for a comprehensive assessment of poverty dimensions, 
ensuring that interventions are effective and culturally sensitive, thus maximizing their impact  
and sustainability.



27

Step 2.3. Data collection for index computing

After selecting the data sources, the next step involves collecting both qualitative and quantitative 
data for analysis. Qualitative data helps in selecting and validating the poverty dimensions, indicators, 
and cut-off thresholds, while quantitative data forms the basis for computing the index and other  
poverty measures.

A. Quantitative data collection

Quantitative data collection is essential for calculating the LMPI+ and related poverty measures. This 
involves gathering numerical data from various sources, including census records, existing surveys (such 
as DHS, MICS, IHS), or newly planned surveys. Quantitative data provides a statistically sound foundation 
for measuring poverty dimensions objectively, offering a clear picture of poverty in the targeted region. 
Rigorous analysis of this data can identify patterns, trends, and the extent and severity of poverty in a 
comparable manner.

Option A. Census data
If a recent census has been conducted, the data can be utilized to calculate the LMPI+ due to its 
comprehensive coverage, which allows for detailed geographic analysis. Census data can effectively 
identify structural inequalities and marginalized groups within communities. However, its standardized 
nature may limit the flexibility required to select community-specific poverty dimensions and indicators. 
Additionally, to accurately reflect the current realities of the population, the census data should not exceed 
the age threshold set by the national statistics bureau, ideally four to five years.

Adult male interviewed during focus group discussion, The Gambia
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The technical steps to retrieve census data are:

•	 Obtain the most recent census data from the national statistics bureau.
•	 Verify that the data covers the targeted population.
•	 Confirm the presence of relevant demographic and socioeconomic indicators necessary for LMPI+ 

computation.
•	 Download, clean, and validate the final dataset to ensure accuracy and reliability.

Burkina Faso
Census data

After reviewing various existing socioeconomic databases, including census data and surveys such as 
EHCVM-2018 and ENBT-2018, Burkina Faso decided to use the most recent census data collected in 
2019 for the index computation. The data source was deemed reliable and up to date and it was also 
the only database that contained information on the selected dimensions and indicators at very granular 
and local levels, including province and municipality. [1] As such, the census data aligned with Burkina 
Faso’s objectives to clearly depict poverty in targeted areas in order to use this information to improve 
the living conditions of the most deprived individuals.

[1] It is worth noting that the EHCVM-2018 data were used to determine the structure of the Burkina Faso 
LMPI+ (including the choice of the dimensions and indicators) before utilizing the census data for the index 
computation. Unfortunately, the EHCVM-2018 representativeness was limited to the national and regional 
levels, making it unsuitable for LMPI+ computation.

Option B. Existing survey data
Existing surveys like the Demographic and Health Surveys (DHS), Multiple Indicator Cluster Surveys 
(MICS), and Integrated Household Surveys (IHS) provide detailed information on various poverty 
dimensions, including health, education, and living conditions. These surveys are highly reliable and 
allow for comparisons across regions and countries. However, it is essential to assess the sampling frame, 
data coverage, and survey frequency to ensure the data is recent and relevant. Typically, these surveys 
offer regional and national coverage but may lack the granularity needed for community-level analysis. 
One key advantage of using these datasets is the potential for longitudinal analysis, which helps assess 
changes in poverty over time.

The technical steps to use existing survey data are:

•	 Ensure the survey data includes information on the selected indicators and dimensions for  
the LMPI+.

•	 Verify that the sampling frames and sizes are sufficient to provide statistically significant insights at 
the desired geographic levels.

•	 Assess the data’s quality and reliability by checking for completeness, accuracy, and potential 
biases.
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The Gambia
Survey data

The Gambia chose to use the Integrated Household Survey (IHS) for the LMPI+ computation. While both 
the Demographic and Health Survey (DHS) and the IHS were conducted in 2020, the IHS was chosen 
because it provided detailed information at the regional (Local Government Area – LGA), district, and 
community levels, which was crucial for localized analysis. 

Conducted by the Gambia Bureau of Statistics (GBoS), the IHS contained the relevant variables necessary 
to compute the indicators and assess the chosen dimensions. It was specifically designed to provide 
comprehensive data on poverty, income inequality, and demographic characteristics, including health, 
education, and housing, among others, making it an ideal choice for the basis of the LMPI+ exercise.

Option C. Primary data collection – Implementing new surveys
When existing data sources do not meet the requirements for LMPI+ computation, new surveys must 
be planned to gather up-to-date and context-specific data. Although resource-intensive, new surveys 
ensure that the LMPI+ reflects current realities and emerging trends. When designing new surveys, two 
approaches can be considered:

•	 Readapt existing survey questionnaires: This option is ideal when technical resources and time 
are limited. Readapting involves modifying existing questionnaires or the sampling design to better 
suit the local context and ensure representativeness. It leverages existing frameworks to expedite 
the survey process while tailoring it to specific needs.

•	 Design new materials: This approach allows for the creation of tailored survey instruments that 
capture precise information needed for LMPI+ computation. It is particularly useful for addressing 
unique local challenges and specific policy needs, ensuring that the LMPI+ aligns with the current 
socioeconomic environment.

Sierra Leone
Survey data collection

After reviewing existing data sources, including the Sierra Leone Multiple Indicator Cluster Survey 
(MICS) from 2017, the Sierra Leone Demographic & Health Survey (SLDHS) from 2019 and the 2021 
midterm National Census, Sierra Leone decided to design and conduct a new survey to specifically 
gather poverty data for the 19 selected chiefdoms located in the Liberian borderland.

Data from the 2021 census was used to design the sampling frame and selecting the enumeration 
areas (EAs). Data collection was conducted using Kobo toolbox, which facilitated automation, 
streamlining, and quality control during the process. Under the guidance of field supervisors, 
trained enumerators conducted household interviews using questionnaires preprogrammed in Kobo  
Collect on Android tablets. 
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﻿ 
Box 4. Technical steps to plan new surveys

Planning a new survey for LMPI+ computation requires meticulous attention to detail to ensure comprehensive 
and accurate data collection. The following steps outline the technical processes:

1.	 Determine scope: Define the geographic and demographic scope of the survey to ensure it targets 
the appropriate population.

2.	 Decide on approach: Choose a suitable survey approach (e.g., face-to-face interviews, telephone 
surveys, online questionnaires) based on the context and objectives.

3.	 Design survey: Develop the survey design to include the selected dimensions and indicators of 
poverty.

4.	 Create questionnaire: Craft a survey questionnaire specifically aimed at capturing the necessary 
data for LMPI+ computation.

5.	 Develop sampling strategy: Design a sampling strategy that ensures adequate coverage and 
representativeness of the target population.

6.	 Select data collection tools: Choose the most suitable data collection tools, such as Kobo Toolbox, 
Open Data Kit (ODK), or others, to streamline data collection and enable real-time data validation.

7.	 Conduct pilot study: Implement a pilot study to pretest the survey materials and identify potential 
issues.

8.	 Refine instruments: Refine the survey instruments based on feedback from the pilot study to 
improve accuracy and clarity.

9.	 Train enumerators: Train the enumerators thoroughly and set up all logistical aspects of the data 
collection process.

10.	 Field deployment: Deploy enumerators to the field, providing continuous support and supervision 
to ensure smooth operation.

11.	 Implement quality control: Establish data quality control measures to promptly address any issues 
or inconsistencies.

12.	 Data cleaning and validation: Clean and validate the collected data, ensuring its completeness and 
accuracy.
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B. Qualitative data collection

Qualitative and participatory data collection should be integrated throughout all stages of the LMPI+ 
assessment. In the initial stages, Focus Group Discussions (FGDs), Key Informant Interviews (KIIs), and 
community consultations help identify relevant dimensions and indicators specific to the local context. 
As the assessment progresses, qualitative data provides deeper insights into the lived experiences of 
poverty, complementing quantitative findings. In the final stages, qualitative data is essential for validating 
results and ensuring that the findings accurately reflect community realities.

Key Informant Interviews (KIIs) involve semi-structured conversations with community leaders, local 
officials, and experts to gain in-depth local insights. Consultations should include stakeholders such 
as government representatives, NGOs, development partners, and community organizations to gather 
diverse perspectives. Focus Group Discussions (FGDs) should consist of small groups of community 
members, led by a skilled moderator, to facilitate open discussions and ensure all voices are heard.

To ensure successful qualitative data collection, thorough training and preparation are crucial. Researchers, 
enumerators, and facilitators should be trained in qualitative methods, including interviewing, facilitating 
group discussions, and adhering to ethical practices such as obtaining informed consent and maintaining 
confidentiality. They should be adept at building rapport with interviewees, asking open-ended questions, 
and minimizing biases. Familiarity with local knowledge and the ability to communicate in the most 
common local languages are also essential. Developing detailed and locally tailored guides and protocols 
is necessary to enhance the reliability and validity of the data.

Adult male interviewed during focus group discussion, The Gambia
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 Box 5. Data management 
﻿
Secure and FAIR data 

Data management is crucial for any data-reliant initiative, both to ensure security and to help project data 
endure post-completion. Robust data security measures are essential to ensure privacy and prevent 
unauthorized access. This applies to all types of data collected by a project, both quantitative and qualitative, 
but is particularly important regarding potentially sensitive information that could be used to identify individuals 
(KIIs, FGDs). 

During the data collection phase, establishing ethical guidelines is essential to ensure the responsible 
handling of sensitive information. This includes securing informed consent from participants, which involves 
providing clear information about the study’s purpose, procedures, and potential risks, as well as obtaining 
explicit permission from participants to use their data, e.g., by signing informed consent forms and ensuring 
participants understand their rights and the future use of their data.

Common measures to enhance security include a comprehensive data governance and management plan with 
clearly defined roles and responsibilities. Additionally, the most sensitive data can be segmented and accessed 
only through security measures such as Role-Based Access Control. It is also essential to maintain data privacy 
through strict protocols such as anonymization to prevent identification of individuals and secure data storage 
systems to prevent unauthorized access. Developing this data management plan before beginning any data-
driven project will ensure that up-to-date security protocols are followed from the outset.

Additionally, the larger data community promotes the reuse and longevity of project data, rather than allowing 
it to stagnate post-project. This can be achieved by adhering to the FAIR (Findable, Accessible, Interoperable, 
Reusable) principles. These principles include, for example, enhancing findability and accessibility through 
rich and descriptive metadata, increasing interoperability through standardized data formats and facilitating 
reusability by using open licensing and comprehensive documentation, including data dictionaries, usage 
notes, and context for how the data was collected and processed. 

Following these principles can make project data easily accessible and reusable for similar initiatives, allowing 
others to build on it. This approach frees up resources that might otherwise be wasted on repeating data 
collection, enabling more time and money to be devoted to the primary goal of similar projects.

﻿
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Phase 3. Implementation stage 

20	 Bersales et al., 2018.

 Phase 3 Overview

This phase covers the technical calculation of the LMPI+. Once the results are obtained, a validation 
could be carried out by re-engaging the relevant stakeholders to present the results and gather their 
feedback. 

Main activities

1.	 Data analysis: Clean and analyze the collected data to ensure accuracy.

2.	 Calculating the LMPI+: Perform the technical calculations to generate the LMPI+. This 
includes choosing dimensions and indicators, i.e., identifying which dimensions of poverty 
will be measured and selecting appropriate indicators, weights and cut-offs.

3.	 LMPI+ results: The LMPI+ is calculated using the Alkire-Foster methodology. 

4.	 Participatory results validation: Re-engage with stakeholders to validate the findings and 
refine the index based on feedback.

Key output(s)

⊲ LMPI+ validated results 

Step 3.1. Choosing the decision threshold

A. Definition of weights

Weights indicate the relative significance of each dimension and indicator in evaluating multidimensional 
deprivations. A higher weight signifies greater importance assigned to a specific dimension or indicator. 
There is no universally applicable rule for determining weights, but below are some of the most well-
known weighting methods for LMPI+ computation20:

•	 Nested Uniform Weight: This is the most commonly used weighting system in multidimensional 
poverty measurement. It assigns equal weights to all dimensions, and within each dimension, 
indicators are also weighted equally. The objective of this method is to mitigate bias and ensure 
equitable treatment across dimensions, regardless of the varying number of indicators. This 
approach was used by all the pilot countries. Due to its simplicity and ease of application, this 
is a preferred method. However, assigning equal weights may overlook variations in the relative 
importance of dimensions and indicators within specific populations or regions, potentially leading 
to an oversimplified understanding of poverty dynamics. To address this, participatory methods 
could be employed as an alternative for weighting classification.
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•	 Nested Inverse Incidence Weight: In this approach, weights are inversely related to the rate or 
prevalence of each dimension and indicator in the population. Dimensions and indicators with 
higher prevalence among the poor are assigned lower weights, while those with lower prevalence 
receive higher weights. The rationale is to assign greater importance to dimensions and indicators 
that are relatively more challenging to address for individuals experiencing poverty.

•	 Subjective Welfare Weight: This method assigns weights based on people’s subjective perceptions 
of the importance of each dimension and indicator for their overall well-being. Subjective welfare 
weights highlight individuals’ assessments of what matters most to them, obtained through surveys 
or participatory methods where individuals rank or rate the importance of different dimensions and 
indicators based on their personal preferences and values. 

The resulting weights reflect the collective preferences of the population and can provide valuable 
insights into which dimensions of poverty are most salient or significant to people’s lived experiences. 
However, subjective welfare weights can be influenced by cultural norms, social expectations, and 
individual biases. Therefore, it is crucial to design data collection tools (questionnaires, interview guides) 
carefully and interpret results to ensure that the weights accurately reflect people’s preferences and 
priorities.

Decision 8:

The chosen weighting system and the method for determining it (e.g., employing 
participatory methods to decide the weight of each dimension) depend on the main 
objective of the LMPI+.

B. Poverty cut-off

The poverty cut-off defines the minimum level of achievement below which a person is considered 
multidimensionally poor. Several approaches have been developed to determine this parameter, with the 
most common being:

•	 Union Approach: Anyone who is deprived in at least one dimension is considered poor.
•	 Absolute Approach: A person is considered poor if they are deprived in a specified number of 

dimensions.
•	 Relative Approach: A person is classified as poor based on a percentage of the weighted sum of 

deprivations.
•	 Intersection Approach: A person must be deprived in all dimensions to be considered poor.

In practice, some pilot countries have defined the poverty cut-off based on the findings of participatory 
exercises, while others have relied on international or national standards. The cut-off is generally 
expressed as a specific share of deprivations between 0 and 1, taking into account the national or local 
context of the analysis.21

21	 World Bank, 2021.



35

Decision 9:

The poverty cut-off can vary, and multiple criteria can be used and included in the 
analysis, providing different perspectives on poverty.

﻿

Step 3.2. Calculating the index

Based on the Alkire-Foster methodology, the calculated measures should be:

•	 The poverty incidence (H), or poverty rate, reflects the proportion of people identified as 
multidimensionally poor. It represents the percentage of the total population whose weighted 
deprivation score meets or exceeds the poverty threshold. The main advantage is that it is easily 
understood and communicated. 

•	 The poverty intensity (A) is the average proportion of indicators in which the poor are deprived 
or the average deprivation score across all poor individuals. This measure captures the depth  
of poverty.

•	 The MPI is calculated by multiplying these two components and represents the percentage of 
deprivations suffered by the poor relative to the total possible deprivations if everyone experienced 
deprivation across all indicators.

MPI  =  H × A

Step 3.3. Robustness checks

Ensuring the robustness of the LMPI+ is essential for its effectiveness as a policy tool. Robustness refers 
to the degree to which an index remains stable and reliable when there are changes in its parameters, 
such as the indicators used, the cut-offs, or the weights assigned to each dimension.

Robustness of poverty measures

•	 Dominance Analysis: Dominance analysis is used to assess the robustness of each candidate 
measure when the poverty cut-off varies. This method evaluates how changes in the poverty 
cut-off affect the identification of multidimensionally poor individuals. It provides insights into the 
sensitivity of poverty measures to variations in cut-off points.

•	 Robustness to Changes in Poverty Cut-offs: Findings from dominance analysis typically indicate 
that poverty measures remain stable even when the poverty cut-offs are adjusted. This stability 
suggests that small variations in the poverty cut-off do not drastically alter the overall LMPI+ results, 
reinforcing the reliability of the index.
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Robustness tests:

•	 Pairwise Comparisons: Pairwise comparisons examine the percentage of pairwise rankings that 
remain consistent across two or more poverty cut-offs. This test helps assess the consistency of 
rankings across different cut-offs, indicating how changes in thresholds impact the identification of 
poor individuals or subgroups.

•	 Rank Correlations: Rank correlations assess whether the rankings of population subgroups 
derived from different LMPI+ specifications are preserved. This test evaluates the stability of 
subgroup rankings when parameters such as indicators, cut-offs, or weights are modified, providing 
policymakers with valuable information on the reliability of the index.

•	 Ensuring Stability: Both pairwise comparisons and rank correlations are crucial for ensuring the 
stability and reliability of LMPI+ rankings and trends. These tests help policymakers understand the 
impact of changes in indicators, cut-offs, or weights on the overall LMPI+ results, ensuring that the 
index remains a reliable tool for policy analysis.

Examples tests:

•	 Kendall’s Correlation Coefficient: This test measures the preservation of relative poverty rankings 
between regions when parameters are changed. A coefficient close to +1 indicates a strong 
correlation, reflecting a robust measure.

•	 Spearman’s Correlation Coefficient: Spearman’s coefficient assesses whether each region’s 
absolute position in the poverty ranking remains consistent after modifying a parameter. A 
coefficient close to +1 signifies strong correlation and robustness.

•	 Pairwise Comparisons with Statistical Tests: This approach focuses on the stability of the relative 
order between two regions while accounting for error margins around LMPI+ estimators. Ratios 
close to 1 indicate a high level of robustness in the relative ranking between regions.

Decision 10: 

The number and types of robustness checks are decided by the LMPI+ technical team. 
However, conducting multiple tests is preferred to enhance the robustness of the 
measure.
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Box 6. Data quality and axioms 

 Considerations on the indicators

When designing and computing the LMPI+, especially using the Alkire-Foster methodology, certain mathematical 
qualities and axioms are preferred to ensure the robustness and effectiveness of the results. 

These axioms are related to:

a.	 the indicators to ensure their accuracy and comparability of the measures, and
b.	 the data quality, to ensure consistency and reliability.22

The LMPI+ and the related measures (poverty incidence and intensity) are considered ‘combined’, since 
indicators from households and individuals are mixed for them to be computed. This means that, in addition to 
household-related indicators (such as standard of living, housing) whose data is collected at household level, 
some indicators specifically target population subgroups such as children (education and child malnutrition) 
and women (maternal mortality), for which data is collected at an individual level. 

The integration of indicators for which data is collected at different levels into the LMPI+ is feasible provided 
that:23

•	 Not all the selected indicators refer only to a specific group; if they do, a group-specific poverty 
measure is more appropriate.

•	 The specific group for which the indicator is relevant is large enough that a significant proportion of 
households have at least one member for whom the indicator is applicable.

•	 An empirical assessment of household composition’s impact is conducted to test the measure’s 
sensitivity to its specification.

[#Tip] In general, the number of indicators should be limited for ease of communication 
and policy focus. Therefore, redundancy tests and other techniques must be applied to 
select the most relevant ones, and a number between 7 to 20 is recommended.24

22	 Alkire et al., 2015.

23	 Ibid.

24	 UNECE, 2018.
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Step 3.4. Data disaggregation (intersectionalities)

25	 World Bank, 2009.

26	 World Bank, 2021.

27	 Alkire and Foster, 2011.

28	 World Bank, 2009.

29	 UNDP, 2024.

Data disaggregation is crucial for understanding the patterns of poverty within a community and for 
designing targeted poverty alleviation policies and programmes based on population characteristics.25 
Disaggregated data also measure progress toward SDG 1.2.2, which assesses the “proportion of men, 
women, and children of all ages living in poverty in all its dimensions according to national definitions.” 
This approach helps answer critical questions such as where poor people live, where poverty is most 
intense, which groups are the poorest, and what specific deprivations poor people experience, among 
others.26

Historically, using the household as the unit of identification limited data disaggregation, as it often failed 
to capture intra-household poverty differences (such as those based on gender and age) or community-
level aspects of poverty (such as access to infrastructure and social services). However, with the 
adoption of the Alkire-Foster methodology as a standard for assessing multidimensional poverty, data 
disaggregation has become essential, as it is a core characteristic of the LMPI+.27

A. Levels of Data Disaggregation

Data disaggregation can be based on regional, community, household, or individual characteristics, 
offering deeper insights into poverty experiences.28 For example, in the pilot LMPI+ in Uzbekistan, data 
was disaggregated to measure the depth and severity of child poverty across the country’s 12 regions, 
providing a clear picture of Uzbekistan.29 Table 5 below summarizes some of the key variables that can 
be used to illustrate regional disparities and specific deprivations affecting children.

Table 5 below summarizes key variables that can be used for LMPI+ result disaggregation based on 
different levels of the population.

Table 5. Variables for result disaggregation by population level 

POPULATION LEVEL VARIABLES AND CHARACTERISTICS

Regional level •	 Geographical isolation (remote areas)
•	 Area of residence (urban, rural)
•	 Level of resources (land quality, livelihood)
•	 Vulnerability to climate shocks (flood, drought, rainfall level)

Community level •	 Proximity to paved roads
•	 Availability of social services (schools, hospital)
•	 Distance to schools and medical clinics
•	 Access to social protection
•	 Access to employment
•	 Land distribution
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POPULATION LEVEL VARIABLES AND CHARACTERISTICS

Household level •	 Age structure of household members
•	 Gender, age and level of education of the household head
•	 Household dependency ratio (share of the household members that are 

participating in the labor force) 
•	 Household size
•	 Number of rooms
•	 Number of persons per room

Individual level •	 Age
•	 Gender
•	 Level of education
•	 Disability status
•	 Migratory status
•	 Ethnicity
•	 Principal activities/profession

Note: Lists are non-exhaustive.
Source: World Bank, 2009; UNECE, 2022

30	 Alkire et al., 2015.

B. Combining Socioeconomic and Dimension Breakdowns

By combining socioeconomic variables with dimension-specific breakdowns of the LMPI+, it is possible to 
identify the types of deprivations contributing to poverty within different population groups. This approach 
also allows for monitoring changes in these deprivations over time, creating a comprehensive picture of 
poverty at both the individual and community levels.

Through the analysis of intersecting deprivations, policymakers can gain a clearer understanding of 
the multiple and interlinked challenges faced by the poor. This insight enables targeted interventions 
to address specific areas of need and facilitates the more effective allocation of resources to alleviate 
poverty in the most affected regions or demographic groups. 30

Sierra Leone
Household level data disaggregation

Sierra Leone successfully presented its LMPI+ results disaggregated by household characteristics and 
provided further insights into the specific deprivations contributing to poverty.

By breaking down the data by the gender and education level of the household head, as well as by 
household size, the analysis uncovered significant poverty patterns in terms of both incidence and 
intensity. 

•	 For example, households headed by women or by individuals with lower education levels 
exhibited higher poverty intensity. 

•	 Additionally, larger households experienced more severe poverty, highlighting the burden 
of additional dependents on household resources.



40

IV.	  Communicating and applying 
an LMPI+

The next key phase is the dissemination of the results and engaging in policy discussions to make use 
of the index. 

Phase 4: Dissemination and policy engagement

 Phase 4 Overview

The dissemination and policy engagement phase focuses on using the LMPI+ results to inform policy 
and practice, employing tools such as policy briefs, interactive dashboards, thematic maps, and 
workshops to communicate findings to various stakeholders. Main emphasis should be to: 

1.	 communicate and disseminate the results of the LMPI+, its main findings and insights

2.	 reinforce the policy engagement process with all involved stakeholders, seeking to 
collectively derive policy recommendations and re-engaging with the national and local 
stakeholders to derive focused and targeted policy and development initiatives. 

Main activities

•	 Reporting: Prepare detailed technical and synthesis reports as well as policy briefs on the 
LMPI+ findings.

•	 Dissemination activities: Organize seminars and workshops to share the results with a 
broader audience.

•	 Policy integration: Utilize the LMPI+ results to influence policy decisions and integrate 
findings into programmatic planning, ensuring the sustainability of poverty alleviation efforts.

Key output(s)

⊲ LMPI+ technical report
⊲ LMPI+ policy orientations 
⊲ Communication materials for LMPI+-based policy implementation
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Decision 11:

How, when, by whom, and what will be communicated? This decision is  closely tied to 
Decision #1 (purpose) and Decision #4 (stakeholder engagement). 

Step 4.1. Communicating the results 

Clear, timely and transparent communication of the results of the LMPI+ to all stakeholders, including 
policymakers, community leaders, and the general public, is crucial for the success of the project. Key 
communication channels can include policy roundtables, interactive dashboards, social media, and 
community workshops. Communication strengthens trust between all parties involved, particularly 
between the stakeholders leading and initiating the process and the local communities subject to the 
LMPI+ process. Therefore, it is crucial to develop a comprehensive communications strategy and follow 
its implementation throughout the process with continuous adaptations and improvements based on 
the process and stakeholder feedback. To aid with the outreach and dissemination during this phase, a 
communications campaign across print, broadcast and digital media tailored to various target audiences 
across language groups at national and subnational levels can be designed and implemented.

The key advantage of the MPI is its ability to capture both the incidence and the intensity of poverty in 
a single value, commonly referred to as the adjusted headcount ratio. The MPI value ranges from 0 to 1, 
where 0 represents zero poverty and 1 reflects universal poverty and deprivation. This value is typically 
expressed to 3 decimal places. The incidence of poverty (also known as the headcount ratio or poverty 
rate, denoted as H) refers to the percentage of the population classified as multidimensionally poor, with 
values ranging from 0 to 100%. Meanwhile, the intensity of poverty is the average percentage of the 
weighted deprivations experienced by those identified as poor.

Ensuring transparency and rigor in developing accurate and relevant indicators is essential. As a tool 
for summarizing complex poverty dynamics and elevating them to policy agendas, the LMPI+ should be 
seen as a catalyst for critical discussions. A key factor in successfully communicating LMPI+ results 
is ensuring that all deliverables are accessible and easy to understand for diverse audiences, from 
policymakers to local stakeholders.  

Innovative data visualization methods, such as interactive dashboards and geospatial maps, allow 
policymakers and communities to easily interpret the results, facilitating a more informed decision-
making process. These tools can highlight differences across regions, sub-groups, or specific dimensions 
of poverty. However, care must be taken to mitigate any potential bias or stigma associated with the 
representation of certain vulnerable populations. 
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 Box 7. Examples of key communication deliverables and sub-activities 

After the technical calculations and finalization of the local MPI, the process, methodology and results should 
be summarized in a technical report, and policy-oriented communication materials should be developed. 
As part of this process, high-level forums should be organized to conclude the LMPI+ process, present the 
results, share lessons learned and discuss the next steps in terms of LMPI+ usage and applications. When 
communicating the results of the LMPI+ process, it is important to focus on the different target audiences and 
main objectives of each communication deliverable. For example: 					      

A. An LMPI+ technical report

The technical report aims to inform the reader about the technical process undertaken, including the conceptual 
framework, methodology, and data sources used. The report is essential for policymakers, statisticians, 
and researchers interested in using the LMPI+ data for policy design, programme monitoring, and academic 
analysis. To ensure wide accessibility, these reports can be made available on open-access platforms, such as 
government or UNDP websites. 

•	 The target audience for this deliverable would be the technical stakeholders, statisticians, 
economists and others, who are interested in learning and potentially reproducing the technical 
process of the LMPI+ development. 

B. High-level forum or policy roundtables

The purpose of this sub-activity is to unite various stakeholders who have been part of the process as well as 
the wider community, including international development partners, to present the local MPI.

•	 The target audience of the high-level forum would be all stakeholders who have been part of 
the LMPI+ process. For the policy roundtables, the target audience should comprise international, 
national and local policy actors with the influence to adopt and capacity to design, implement and 
monitor various poverty reduction/alleviations programmes. 

C. Policy-oriented communication material (e.g. policy briefs)

The objective of this deliverable would be to offer various policy pathways on the usage of the LMPI+ based 
on discussions and engagement with various stakeholders throughout the entire process culminating in the 
policy roundtables. 

•	 The target audience for these materials would be international, national and local policy actors 
with the influence to adopt and capacity to design, implement and monitor various poverty 
reduction/alleviations programmes. 
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Step 4.2. Policy engagement 

31	 Vaz, A., Oldiges, C., Alkire, S., 2019.

32	 UNDP and OPHI, 2019. 

33	 Policy engagement is defined as a continuous collaboration between various stakeholders to connect and explore the various ways in which 	
data and evidence generated can be applied for policy purposes (University of Oxford, n.d.).

34	 UNDP and OPHI, 2019. 

The main objective of MPIs and the LMPI+ is to provide policy guidance with granular data, enabling 
policymakers to set specific targets, identify priority regions, and allocate resources more effectively. By 
using localized data on poverty dimensions, governments can develop more tailored interventions that 
address the unique needs of different communities. Multidimensional poverty indexes serve as adaptable 
frameworks that can be tailored to the specific contexts of poverty reduction strategies.31 The LMPI+ 
further refines this adaptability by incorporating participatory approaches and localized data, ensuring 
interventions are contextually relevant and community driven.  

The primary advantage of the LMPI+ lies in its ability to provide nuanced insights into the deprivations 
experienced by different communities. By offering a more granular perspective, the LMPI+ highlights 
how poverty specifically affects access to essential services and overall well-being for various groups.  
For example, when devising policies and strategies, it is valuable for policymakers to know and take into 
account that an individual or a household in a given locality may be experiencing food insecurity and lack 
of access to healthcare facilities. For instance, when developing policies and strategies, it is crucial for 
policymakers to consider that individuals or households in a specific locality may face challenges such as 
food insecurity or limited access to healthcare.32

The relevance and effectiveness of the LMPI+ are closely tied to its development process, particularly 
the extent to which it is localized and incorporates stakeholder participation. By actively engaging all 
relevant stakeholders—across sectors and with a focus on local communities—policymakers can ensure 
that the chosen dimensions and indicators reflect the realities on the ground, leading to more targeted 
and effective interventions.

[#Tip] For the LMPI+ to be effective as a policy tool it is crucial to initiate the policy 
engagement process early on and to re-engage in it continuously throughout the 
various stages of its development process.33

According to UNDP and OPHI (2019), an MPI can be used as a tool of governance for the following 
purposes, all of which the LMPI+ adopts and expands upon:34 

•	 Shape resource allocation according to the level and composition of multidimensional poverty.
•	 Coordinate policies across sectors and across levels of government. 
•	 Design multisectoral policies that reflect interconnected deprivations.
•	 Monitor reductions through SDGs.
•	 Target poor households and regions for specialized assistance. 
•	 Give political leaders a concrete, multipurpose, action-oriented measure. 
•	 Communicate with private sector and civil society actors.



44

The key policy applications of the LMPI+ are as follows:

1.	 Data for development: The data and insights gathered from the LMPI+ development provide a 
rich informational source for constructing granular poverty maps that offer more nuanced insights 
than traditional monetary poverty statistics. It is important, however, to use the data in a way that 
does not reinforce stigma or discrimination against certain communities. Understanding multiple 
deprivations experienced simultaneously is valuable in identifying priorities and ways in which 
various interconnected deprivations can be tackled together. The data also allow comparisons 
across geographical areas, various ethnic/minority groups, urban/rural populations, age segments, 
etc. This data could be valuable and applied in emergency response as well. 

2.	 Targeting and monitoring: The LMPI+ data can be used to target specific communities or regions 
while tracking and monitoring improvements across various dimensions of poverty over time. The 
insights generated from this data contribute to the reporting on both international and national 
development goals, including the SDGs.

3.	 Community engagement: The participatory nature of the LMPI+ process enhances community 
engagement, fostering active participation and contributing to improved social cohesion. This 
engagement encourages stakeholders at all levels to be involved in the decision-making process.

4.	 Multilevel governance: The multistakeholder and participatory nature of the LMPI+ facilitates 
efficient coordination between government ministries, international development agencies, and 
technical partners. By aligning national development goals with local development needs and 
initiatives, the LMPI+ enhances policy coherence and ensures that interventions are well-targeted 
and contextually relevant.
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Box 8. Examples of uses and applications of the LMPI+ in the pilot countries

 LMPI+ as evidence for decision making

Liberia
•	 Develop targeted interventions to address specific poverty dimensions.
•	 Enhance disaster risk management through energy and environment projects.

Sierra Leone
•	 Design UNDP interventions based on LMPI+ data.
•	 Implement social protection programmes for informal sectors.
•	 Use LMPI+ data as a baseline for monitoring and evaluation.
•	 Support government resource mobilization by making a strong case for why certain communities 

need support.
•	 Advocacy: Promote gender-inclusive governance.
•	 Sector focus on youth empowerment, gender equality, skills development, MSMEs livelihoods, and 

the Blue Economy.

The Gambia
•	 Leverage the newly approved CPD to design timely interventions.
•	 Support government resource mobilization with evidence-based proposals.
•	 Assist the government in creating a dashboard for the delivery unit using LMPI+ data.
•	 Develop social protection programmes for informal sectors.
•	 Use LMPI+ as baseline data for monitoring and evaluation.
•	 Implement PACD programmes for rural communities.

Burkina Faso
•	 Utilize LMPI+ data for monitoring and evaluation.
•	 Target poverty more effectively using LMPI+ as a reference for programmes and projects.
•	 Identify the most vulnerable populations and develop targeted support programmes.
•	 Align UNDP planning with National Development Plans (NDPs).
•	 Improve fiscal space by avoiding targeting the most vulnerable who cannot pay taxes.
•	 Identify local actions and programmes that can positively impact lives.
•	 Develop social protection programmes.
•	 Integrate LMPI+ data into planning and resource mobilization efforts to enhance programme 

effectiveness.
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In summary, the LMPI+ is a powerful policy tool that can be adapted to the specific objectives and contexts 
of a country and locality. Its multidimensional framework provides comprehensive data on the incidence, 
intensity, and impact of various deprivations, offering deeper insights into the simultaneous deprivations 
experienced by communities. The localized approach further enhances the granularity of the data, 
enabling the development and implementation of poverty reduction programmes that are tailored to 
local needs. Finally, the participatory element of the LMPI+ fosters greater accountability, ownership, and 
participation among all stakeholders, particularly at the community level.

  K ey performance indicators (KPIs) 
Assessing the successful implementation of the LMPI+ involves evaluating data quality and coverage, 
stakeholder engagement, community participation levels, indicator relevance and selection process, 
methodological rigor, and alignment between purposes and policy recommendations. 

The proposed KPIs collectively ensure the effectiveness and accuracy of the LMPI+ in assessing poverty 
challenges comprehensively.

Stakeholder engagement

Successful LMPI+ implementation requires comprehensive stakeholder engagement. Relevant 
government agencies, NGOs, and community groups should be actively involved throughout the process. 
There should be detailed records of stakeholder meetings and integration of feedback into the LMPI+ 
framework. Post-implementation reviews should show that stakeholders felt their input was valued and 
had a tangible impact on the outcomes.

KPIs: Number of stakeholder meetings held, documented feedback integrated into LMPI+ design, and 
perceived satisfaction levels among stakeholders.

Participation level of communities

A well-implemented LMPI+ should demonstrate high levels of community participation by engaging a 
wide range of community members in the dimensions and indicators selection as well as in the validation 
activities. High participation rates of the communities and feedback integration within the report can be 
considered as proof of a well-implemented participatory approach.

KPIs: Level of community involvement in LMPI+ process, e.g., percentage of indicators chosen with direct 
community input or verified through community workshops or consultations.

Data quality and coverage

An LMPI+ must uphold high standards of data quality and coverage by ensuring the data is representative 
of the target population, complete, and free from significant gaps or biases. Detailed documentation of 
the data collection methods and processes should be available to ensure transparency and facilitate 
duplication if needed.
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KPIs: Percentage of complete records of households included in the LMPI+ dataset relative to the total 
population of the study area, ensuring representative coverage.

Indicator relevance and selection process

The relevance of indicators should be ensured by using clear criteria and methodologies for choosing 
indicators, with input from stakeholders, experts and communities. Reports should exhibit that the selected 
indicators accurately reflect the dimensions of poverty and are aligned with government and community 
priorities.

KPIs: Alignment of selected indicators with local priorities (assessment of how well chosen indicators 
reflect local dimensions of poverty and are aligned with community and government development goals).

Methodological rigor

Methodological rigor is demonstrated by conducting robustness checks, redundancy tests, and ensuring 
objective assumptions throughout the process. The methodology should be validated through expert 
reviews and sensitivity analyses. Documentation should reflect any adjustments made based on these 
reviews to show transparency and reliability in the methodological approach.

KPIs: Completion of robustness checks and sensitivity analyses (number and results of tests conducted 
to ensure the reliability and accuracy of the LMPI+ methodology, including redundancy checks and 
sensitivity to different assumptions).

Alignment between purposes and policy recommendations

The LMPI+ should provide actionable insights that directly address the identified dimensions of poverty. 
Additionally, the LMPI+ findings should be reviewed to ensure they align with the policy priorities that can 
lead to measurable improvements.

KPIs: Number of policy recommendations or programmes directly influenced by LMPI+ results, tracked 
through policy documents or official statements.
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